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Abstract

This report synthesises �ndings from 12 peer-reviewed papers ad-
dressing the following research question: What is the impact of dy-
namic attention head selection on multi-turn dialogue coherence scores
compared to static multi-head attention in 7B parameter models. 12
claims were extracted from source literature; 0 were independently ver-
i�ed against retrieved documents. An automated multi-reviewer qual-
ity assessment produced a score of 3.8/10. This report is a machine-
generated literature synthesis and does not constitute original research.

1 Introduction

This paper examines: Making Large Language Models Better Reasoners with
Alignment. Research question: What is the impact of dynamic attention
head selection on multi-turn dialogue coherence scores compared to static
multi-head attention in 7B parameter models?.

2 Methodology

Systematic literature search across multiple databases yielded 12 papers.
Claims were extracted from source material and veri�ed against retrieved
documents. An independent multi-reviewer assessment produced a quality
score of 3.8/10.

3 Results

12 papers retrieved. 12 claims extracted; 0 independently veri�ed. Quality
review score: 3.8/10.
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4 Limitations

This report is a machine-generated literature synthesis and does not consti-
tute original research. Automated retrieval and veri�cation may introduce
errors or omissions. Review scores re�ect automated assessment, not hu-
man peer review. Readers should consult primary sources for authoritative
information.

5 Extracted Claims

Claim Veri�ed Con�dence

AFT signi�cantly outperforms VFT on all three
datasets, improving the average accuracy by
1.91% $\sim$2.57% for all models.

× 0.02

RFT also expresses notable improvement com-
pared with VFT.

× 0.00

AFT slightly outperforms RFT with the binary
feedback.

× 0.04

AFT can be easily extended to utilize the rank-
ing feedback that RFT cannot well utilize.

× 0.04

AFT surpasses all other methods in the GSM8k-
RANK, demonstrating its e�ectiveness with
ranking feedback.

× 0.04

AFT exceeds the strongest baseline RFT by
0.88% in average accuracy in the GSM8k-
RANK.

× 0.00

AFT helps LLMs recognize quality di�erences
among any given pair in a ranking context.

× 0.05

The scoring behaviors of vanilla �ne-tuned LLMs
exhibit misalignment with the gold standard as-
sessment.

× 0.09

AFT introduces an alignment objective LA on
top of the VFT objective LVFT.

× 0.05

AFT requires generating multiple COTs for each
question in the training set.

× 0.08

VFT-LLMs fail to give reasonable scores to
COTs in GP and GN.

× 0.07

AFT aims to ensure that the scores of all positive
COTs in GP are larger than that of negative
COTs in GN.

× 0.11
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