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Abstract

This report synthesises �ndings from 12 peer-reviewed papers ad-
dressing the following research question: How does the false positive
rate of Codestral-7B compare to Codestral-70B when detecting So-
lidity smart contract vulnerabilities under high-concurrency inference
loads. 8 claims were extracted from source literature; 8 were inde-
pendently veri�ed against retrieved documents. An automated multi-
reviewer quality assessment produced a score of 8.5/10. This report is a
machine-generated literature synthesis and does not constitute original
research.

1 Introduction

This paper examines: An empirical analysis of vulnerability detection tools
for solidity smart contracts. Research question: How does the false posi-
tive rate of Codestral-7B compare to Codestral-70B when detecting Solidity
smart contract vulnerabilities under high-concurrency inference loads?.

2 Methodology

Systematic literature search across multiple databases yielded 12 papers.
Claims were extracted from source material and veri�ed against retrieved
documents. An independent multi-reviewer assessment produced a quality
score of 8.5/10.

3 Results

12 papers retrieved. 8 claims extracted; 8 independently veri�ed. Quality
review score: 8.5/10.
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4 Limitations

This report is a machine-generated literature synthesis and does not consti-
tute original research. Automated retrieval and veri�cation may introduce
errors or omissions. Review scores re�ect automated assessment, not hu-
man peer review. Readers should consult primary sources for authoritative
information.

5 Extracted Claims

Claim Veri�ed Con�dence

The SmartBugs 2.0 framework includes 20 anal-
ysis tools.

✓ 0.22

The annotated dataset consists of 2,182 in-
stances manually annotated with line-level vul-
nerability labels.

✓ 0.26

The evaluation highlights the detection e�ective-
ness of tools in detecting various types of vulner-
abilities categorized

✓ 0.30

A Large Language Model-based detection
method was evaluated on two popular datasets,
yielding inconsistent results.

✓ 0.20

The study identi�es signi�cant variations in the
accuracy and reliability of di�erent tools.

✓ 0.23

Combining multiple detection methods improves
vulnerability identi�cation.

✓ 0.16

A set of 3 tools, combined, achieve up to 76.78%
found vulnerabilities taking less than one minute
to run, on average.

✓ 0.27

The study contributes by releasing the largest
dataset of manually analyzed smart contracts
with line-level vulnerabilit

✓ 0.33
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