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Abstract

Large language models have shown their remarkable capabilities
as a general interface for various language-related applications. Mo-
tivated by this, we target to build a unified interface for completing
many vision-language tasks including image description, visual ques-
tion answering, and visual grounding, among others. The challenge is
to use a single model for performing diverse vision-language tasks ef-
fectively with simple multi-modal instructions. Towards this objective,
we introduce MiniGPT-v2, a model that can be treated as a unified
interface for better handling various vision-language t

1 Introduction

This paper examines: MiniGPT-v2: large language model as a unified inter-
face for vision-language multi-task learning. Research question: How does
the zero-shot transferability of EVA-CLIP compare to other CLIP variants
(e.g., ALIGN, OpenCLIP) when evaluated on multi-modal benchmarks like
LAION-Aesthetics or COCO-Text?.

2 Methodology

Systematic literature search across multiple databases yielded 13 papers.
Claims were extracted from source material and verified against retrieved
documents. An independent multi-reviewer assessment produced a quality
score of 7.6/10.

3 Results

13 papers retrieved. 7 claims extracted; 6 independently verified. Quality
review score: 7.6/10.



4 Limitations

This report is a machine-generated literature synthesis and does not consti-
tute original research. Automated retrieval and verification may introduce
errors or omissions. Review scores reflect automated assessment, not hu-
man peer review. Readers should consult primary sources for authoritative

information.

5 Extracted Claims

Claim

Verified Confidence

MiniGPT-v2 is designed to function as a unified
interface for vision-language tasks including im-
age description, visual

MiniGPT-v2 utilizes unique identifiers for differ-
ent tasks during the training process.

The use of unique identifiers in MiniGPT-v2 en-
ables the model to distinguish task instructions
and improves learning eff

MiniGPT-v2 underwent a three-stage training
process.

MiniGPT-v2 achieves strong performance on vi-
sual question-answering benchmarks compared
to other vision-language general

MiniGPT-v2 achieves strong performance on vi-
sual grounding benchmarks compared to other
vision-language generalist model

The MiniGPT-v2 model and code are available
at https://minigpt-v2.github.io/.

v

0.41

0.20

0.21

0.11

0.35

0.35

0.24

References

e https://doi.org/10.48550/arxiv.2310.09478

e https://doi.org/10.18653/v1/2021.emnlp-main.595

e https://doi.org/10.48550/arxiv.2312.14238


https://doi.org/10.48550/arxiv.2310.09478
https://doi.org/10.18653/v1/2021.emnlp-main.595
https://doi.org/10.48550/arxiv.2312.14238

