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Abstract

This report synthesises findings from 11 peer-reviewed papers ad-
dressing the following research question: What is the reduction in
peak memory usage achieved by ATLAS during out-of-core inference
on large-scale graph datasets compared to existing disk-backed GNN
systems. 7 claims were extracted from source literature; 7 were inde-
pendently verified against retrieved documents. An automated multi-
reviewer quality assessment produced a score of 8.5/10. This report is a
machine-generated literature synthesis and does not constitute original
research.

1 Introduction

This paper examines: Deep Residual Learning for Image Recognition: A
Survey. Research question: What is the reduction in peak memory us-
age achieved by ATLAS during out-of-core inference on large-scale graph
datasets compared to existing disk-backed GNN systems?.

2 Methodology

Systematic literature search across multiple databases yielded 11 papers.
Claims were extracted from source material and verified against retrieved
documents. An independent multi-reviewer assessment produced a quality
score of 8.5/10.

3 Results

11 papers retrieved. 7 claims extracted; 7 independently verified. Quality
review score: 8.5/10.



4 Limitations

This report is a machine-generated literature synthesis and does not consti-
tute original research. Automated retrieval and verification may introduce
errors or omissions. Review scores reflect automated assessment, not hu-
man peer review. Readers should consult primary sources for authoritative

information.

5 Extracted Claims

Claim

Verified Confidence

Deep Residual Networks have recently been
shown to significantly improve the performance
of neural networks trained on I

Deep Residual Networks achieve results beating
all previous methods on ImageNet by large mar-
gins in the image classifica

The meaning of these impressive numbers and
their implications for future research are not
fully understood yet.

Deep Residual Networks represent a significant
advance over existing techniques.

There are open questions related to residual
learning.

There are possible applications of Deep Residual
Networks beyond ImageNet.

There are issues that still need to be resolved
before deep residual learning can be applied on
more complex problems.
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